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2.1 Genetic Algorithms (GAs)
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2.1.3 manlasumeiiaiieliiusianaz oansie (Variable Encoding and Decoding)
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2.1.4 ﬂ1§5ﬂ§j (Selection mate)
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n finger code - Z P,
1 1010101 0.4 0.4
2 1001000 | 0.3 0.7
3 1011001 0.2 0.9
4 1011000 0.1 1.0
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® NISANATINVVUYIVY (Tournament Selection)
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2.1.5 MIATIVABUMTUIIIUNU (Convergence check)
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2.2.1 Exhaustive techniques
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2.2.2 Calculus-based techniques
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2.2.3 Partial knowledge techniques
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2.2.4 Knowledge-based techniques
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2.2.5 Hierarchical techniques
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2.2.6 Genetic algorithms
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