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Project Title
Name

Project Advisor
Major
Department

Academic year

Eyes And Mouth Detection

MissSunisaKamkerd

Assistant Professor PanomkhawnRiyamongkol, Ph.D.
Computer Engineering

Electrical and Computer Engineering,

2013

Abstract

This project has developed a program to detect eyes and mouth using

MATLAB. The program getsa photo and processesit to detect eyes and mouth. After

that, the artificial neural network (ANN) is used to detect facial expressions and show

face expression.

This program can detect at least 6 face expressions The advantage of this

program is that it can specify the face expression. The accuracy of this program is

87.3 percent.
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2.1 nsUszuranantwiRang (Digital Image Processing) [1]
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2.1.1 3Un w8 (Color Image)
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Color image or RGB image:
each pixel contains a vector
representing red, green and
blue components.

RGB components
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2.1.2 sUnwssauding (Grayscale) [2]
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Gray scale values
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2.1.3 yunmuuuluun? (Binary Image) [3]
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2.2 yuua1aasd (Color Model) [4]
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2.3 nsarwningiisnivsiuuulsuas (Robust Real-time Object Detection) [5]
woa 3laan (Paul Viola) uas lutAa Taud (Michael J. Jones) l@agutedinsauns

° W o = . . . A
WIUAIATITUIRgANeAL  (Visual object detection framework) #wilarmau1Talunis
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LY or o op o ¥ 17 3 i LT} 4
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vinuilidnuazaa e g iaulaunty Tuswideilddeimsididama (mplement) uuadeo

= ¢ ¥ o LY = LT Y o] I e =
asufamedndldsmilulirudlunmsnsduingil 15 nreTund

1 1 1 1 2 3

1 1 1 2 4 6

1 1 1 3 6 8 -
NREUN nmduiinia

o o) S
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(Haar Wavelets)
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2.31 GT'JﬁT’ILLunUiszlLLUUﬁiaL?FN (The cascaded classifier)
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Input — _ Maybe [ . Maybe
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R NA s
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2.4 TasedngUssamiion (Artificial Neural Network - ANN) [6]
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aanasiunsuwsdaundu (Back propagation Algorithm)
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2. maeunuvliifinisgau (Unsupervised Learning)
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(Artifictal Neural Network : ANN)
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! s @ | s
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mnmﬁmamsmmaaqﬁiﬁamﬁuiwm'iﬂ'ssmaua‘uaQTU5LLn'iuﬁﬂmugnﬁ'adImaiwﬁmL‘i‘Ju
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